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Preface

The Fourth International Conferenceon DataMining (“DATA MINING 2003") follows
the previous bi-annual conferences started in 1998 and hosted respectively in Rio
de Janeiro, Cambridge and Bologna. Now the Conference is returning to Rio de
Janeiro and changing the periodicity to annual. Despite competition from several
other international conferences on data mining that started later, the research and
applicative interest in our conference is continuously growing.

After each conference, the committee looks ahead to future conferences and
redefines what it is that ICDM means to our attendees. Our vision for program
content must reflect a perspective that is applicablefor all participants and provide
acritical massacrossabroad spectrumin the multi-disciplinary field of datamining.

Data Mining today is recognized as a need to analyze and understand the
information collected by government, business and scientific applications. Novel
data, text and web mining application areas arefast emerging and these devel opments
call for new perspectives and new approaches.

The objective of this conference was to discuss which insights about data
structure makeit possibleto analyze the very large amount of information collected
by Internet, business, scientific and government and devel op innovative algorithms
and data structures to speed computation.

In this conference many high quality papers were presented, coming from
severa countries, providing ameeting placefor worl dwideresearchersfrom academia
and industry and were organized in sections: Data and text mining, Clustering,
Categorization, CRM, E-commerce and web data, Case studies, Post-processing
and Knowledge Evaluation, Genomics and Bioinformatics, Novel Applications,
K nowledge Management and Scal able Algorithmsand High-Performance Platforms.

The editors are grateful to the authors and members of the Scientific Advisory
Committee for their contribution and support, which has ensured the quality of the
contents of this book.

The Editors
Riode Janeiro.
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